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* Road damage dataset +
Detection Challenge

e KITTI dataset

@ 2020 IEEE International Conferer X 4

€ > C O & rdd2020sekilab.global

IEEE
BigData

=029 Global Road Damage Detection Challenge 2020
Global Road Damage

Detection Challenge A Track in the IEEE Big Data 2020 Big Data Cup Challenge
2020

IEEE BigData 202

Atlanta, GA, USA

Overview

Submissions
Participants
Leaderboard

Organizers
Sponsors and Awards

Log In & Sign Up

Latest Updates

Apr 25, 2020: web site of the challenge opens, the task is revealed,

May 1, 2020: Training Data - releasing date has been postponed to May 10, 2020 due
to the ongoing pandemic COVID'19!

Sept 02, 2020: The article explaining the India-Japan-Czech datasets and our analysis
for the same, is now available(https://arxiv.org/abs/2008.13101).

Sept 10, 2020: Test2 has been released
(https://github.com/sekilab/RoadDamageDetector). the submission form for test2 is
opened. The final ranking is determined by the average scores of test1 and test2.

Sept 23, 2020: The link for submitting the source code has been enabled. Please check
the submission page.

Sept 25, 2020: Deadline for submitting the source code & the solutions, End of the
competition

Oct 06, 2020: 13 teams have been shortlisted for paper submission! Please check your

mails!

O The KITTI Vision Benchmark Suite X

B C 0O A REShWTVEL

| cvlibs.net/datasets/kitti/ * @

roject of Karlsruhe Institute of Technol

home setup stereo flow sceneflow depth odometry object tracking road semantics rawdata submit results

Andreas Geiger (MPI Tiibingen) | Philip Lenz (KIT) | Christoph Stiller (KIT) | Raquel Urtasun (University of Toronto)

KIT T1-360

http://

BN

Welcome to the KITTI Vision Benchmark Suite!

We take advantage of our autonomous driving_platform Annieway to develop novel challenging 0 Velaidyne Laasr
real-world computer vision benchmarks. Our tasks of interest are: stereo, optical flow, visual

odometry, 3D object detection and 3D tracking. For this purpose, we equipped a standard station

wagon with two high-resolution color and grayscale video cameras. Accurate ground truth is P

provided by a Velodyne laser scanner and a GPS localization system. Our datsets are captured by
driving around the mid-size city of Karlsruhe, in rural areas and on highways. Up to 15 cars and
30 pedestrians are visible per image. Besides providing all data in raw format, we extract
benchmarks for each task. For each of our benchmarks, we also provide an evaluation metric and
this evaluation website. Preliminary experiments show that methods ranking high on established
benchmarks such as Middlebury, perform below average when being moved outside the laboratory
to the real world. Our goal is to reduce this bias and complement existing benchmarks by
providing real-world benchmarks with novel difficulties to the community.

Stereo Camera Rig

To get started, grab a cup of your favorite beverage and watch our video trailer (5 minutes):

) The KiTTIVisionBel ~»
(2) UGSl . -e e

https://rdd2020.sekilab.global/

http://www.cvlibs.net/datasets/kitti/

The KITTI Vision
Benchmark Suite xﬂa A\‘(IT

Ap
‘and Toyota Technological Institute at Chicago 2 Karlsruhe Institute of Technology
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XHR[1] BE L1815 SSD+MobileNet SSD+Inception

Road Damage Dataset SSD+MobileNet

XR[2] B& FFEEY) R-FCN

GINI Dataset

SCHA3] B8 _ERERY) R-CNN o :

collected from StreetView Kﬁk’ﬂ AN iﬁiﬁﬁ

wiRRE (ANiEE) YOLO-tiny YOLO YOLO -

COCO Dataset

%%Tﬁf\i)\%@ﬂj)’_ | OpenPose OpenPose EITIERE DD

2018534 (B5 L85+ SSD+MobileNet &5 _ .. :
= ) o XX — b7 # :YOLO-tiny

i) YOEO=tiny e Jetson: YOLO-tiny or YOLO

2019 X% (BE EEE+  YOLO-tiny YOLO, YOLO-tiny YOLO : y

IR EEZEY + AMIRE)  (SSD+MobileNet)  (SSD+Inception) (SSD+Inception) * 777 F:YOLo

[1] H.Maeda et al: Compute Aided Civil and Infrastructure Engineering, No.33, pp.1127-1141 (2018).
[2] Spotgarbage-GINI: https://github.com/spotgarbage/spotgarbage-GINI.

[3] Litter-detection-tensorflow: https://github.com/isaychris/litter-detection-tensorflow. 16






EEFE % ER L - ERE SRR
1. ERBERA

2. EREWRH

3. RMERA

4. SFEMBEROER

MRERY - BMR7 77K

https 77 7YHEE

. E. SECT NS

https

s Google Map ED 7 / 7—3 3 VF&RIR
I . 5 m - @ 9N - . .’;’““zv B j‘/ 27§
ey renn9 % ks 3 \ @ %
sew e

e, (%
& Takad’agababalr f Waseda University

o
™ Asagaya

% SR = i 1 B < SO S
Z7—tBEE I7IEYRTL T T s S e

(BB7 % b AIRE +EEER) (BgIE, 7~ 2 EH) T T G T e
iy fae e, Qf'to - v G"f Shi7juku — A e vl

s "9 xf ::.— \

it i :m @

18



2

1H

i)l

Session

+id: sfring

+ device_unique: string
+ device_info: string

+ sensor_orientation: int
+ created_at: timestamp

+ updated_at- timestamp

c BE7A4A—<v kD

Image

+id: sfring

+ gession_id: string
+ width: int

+ height: int

+ latitude: float

+ created_at: timestamp

+ updated_at- timestamp

A —< v k&

N\

1H

Detect

v’ Session: 7 v ¥ 3 VB
v’ Image: IZFZEIR

v’ Detect: BIRALIEELT
v' Bbox: ALIEFER

+id: sfring

+image_id: string

+ model; string

+ created_at timestamp

+ updated_at- timestamp

i)l

BBox

+id: string

+ detect_id: string

+%1: float

+y1: float

+x2: float

+y2: float

+ label_id: int

+ label_name: string

+ score: float

+ created_at: timestamp
+ created_at: timestamp

+ updated_at: timestamp
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